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Distributed Nodes Localization Method in Wireless Sensor Networks
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Planning and Designing Institute of Telecommunications Co. Ltd. , Guangzhou 510630, China)

Abstract: A novel distributed Hessian local linear embedded (DHLLE) localization method and
framework based on manifold learning were presented, in which the algorithm of sympathy the
nearest was used to select the neighbors list, and the HLLE algorithm was used to obtain the lo-
cal map of sensor network’s nodes. Then, by combining local maps the global map of all nodes
was acquired. Finally, the global coordinates of all nodes could be obtained through matching to
reference coordinates. The simulation results demonstrate that DHLLLE can localize the nodes ac-
curately and rapidly with lower complexity and less energy consumption in nodes, and its per-
formance is superior to the distributed weighted multi-dimension localization algorithm.,
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